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ABSTRACT

AI fails without organizational
change. We specialize exactly in
that change.
Most organizations invest heavily in AI — yet according to a recent study from Deloitte

fewer than 25 % successfully scale beyond pilots. AI initiatives still fail to prove a lasting ef‐

fect on the bottom line. The sole implementation of new technology is not enough to cre‐

ate real business value. The focus needs to shift to designing new operating models that

work hand in hand with the latest technological advancements while staying flexible to

keep track with future developments.

This whitepaper presents the HandsOn AI Operating Model: a structured framework of six

design domains that together define how an organization must evolve to make AI deliver

real, sustained business value.

25%

have moved >40 % of AI pilots

into production.

16%

have redesigned jobs around

AI capabilities.

21%

have mature governance

models for AI agents.

3.5×

more EBIT impact when

workflows are redesigned.

SOURCES Deloitte State of Generative AI 2026 · Deloitte AI Institute 2026 · McKinsey State of AI 2025.

EXECUT IVE  SUMMARY  ·  F IVE  F IND INGS

01 The bottleneck is not the technology — it is the organization surrounding it.

Most companies have not redesigned jobs, decision structures, or operating models for AI. Strategy,

structure, governance, decisions, processes and capabilities all have to move together.

02 The Pilot Trap is structural, not a failure of execution.

A pilot can run with a small team and a clean dataset. Production needs infrastructure, security, compli‐

ance and monitoring. Most organizations stall because they are missing the operating model for scale.

03 Four organizational drivers explain the gap.

Unclear human–AI decision rights · no AI Ownership Model · AI layered on existing processes · severely

underdeveloped AI capabilities.

04 The HandsOn AI Operating Model is the structured answer.

Six interdependent design domains across two layers, held together by the core idea of the Human–AI

Interface as the central piece of operational design in the Age of AI.

05 Methodologically grounded — Galbraith, Kates & Kesler, Worren, van Bree.

Proven Organization Design methodology, extended into the AI-native context for the first time, delib‐

erately putting the organization first and the technology second.
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PART  I THE  PREMISE

I
The bottleneck has never been the
technology.

Every conversation about AI transformation eventually

arrives at the same uncomfortable observation: the or‐

ganizations spending the most on AI technology are not

the ones benefiting most from it.
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THE  HANDSON  AI  OPERAT ING  MODEL 0 1  ·  THE  PROBLEM  NOBODY  IS  SOLV ING

SECT I ON  0 1  ·  PREFACE

The Problem Nobody Is Solving.
Why a market saturated with AI strategies, governance frameworks and maturity models

still leaves the central question unanswered.

Every conversation about AI transformation eventu‐

ally arrives at the same uncomfortable observation:

the organizations spending the most on AI technol‐

ogy are not the ones benefiting most from it. The

bottleneck is rarely the technology. It is almost nev‐

er the strategy. It is, with remarkable consistency,

the organization surrounding the technology — the

structure that was never redesigned for AI, the gov‐

ernance that was bolted on after the fact, the deci‐

sion-making architecture that still assumes every

decision flows through a human, the workforce that

was trained on a tool but never prepared to work

alongside an intelligent agent.

The consulting market has responded to this prob‐

lem with a proliferation of AI strategies, AI gover‐

nance frameworks, AI maturity models, and AI

readiness assessments. Each of these is useful.

None of them is sufficient. They address symptoms

rather than causes. They help organizations under‐

stand where they are, but not how to redesign what

they are. And they do so without drawing on the

one body of knowledge that actually exists for the

purpose of designing organizations: Organization

Design as a rigorous, tested, methodologically

grounded discipline.

THE  HANDSON  POS IT ION

The HandsOn AI Operating Model is our answer

to this gap. It is not another maturity model. It

is not a governance checklist. It is a struc‐

tured, operationally specific framework for re‐

designing an organization so that AI can actual‐

ly function within it — at scale, sustainably, and

without the cycle of pilots that never become

production and investments that never be‐

come value.

THE FOUNDATIONAL PREMISE

AI transformation is an organizational design prob‐

lem, not a technology deployment problem. This

claim sounds intuitive when stated plainly, but it is

contradicted in practice by almost every major AI

initiative we have observed. Organizations consis‐

tently treat AI as a project to be managed, a tool to

be rolled out, a capability to be acquired. They in‐

vest in models, platforms, infrastructure, and talent

— and then discover that none of it produces enter‐

prise-level value because the organizational system

surrounding it was never designed to accommo‐

date it.

"The performance gap between organizations that

treat AI as a tool to add to an existing organization
and those that redesign the organization around

AI's potential is measurable, growing, and unlikely to

close without deliberate intervention."

—  THE  FOUNDAT IONAL  PREMISE
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THE  HANDSON  AI  OPERAT ING  MODEL 0 1  ·  METHODOLOGICAL  FOUNDAT ION

SECT I ON  0 1  ·  CONT I NUED

Grounded in Organization Design —
extended into the AI-native context.

The evidence is stark. According to Deloitte's 2026

State of AI research, fewer than 25 % of organiza‐

tions have successfully moved 40 % or more of their

AI experiments into production. 84 % have not re‐

designed jobs around AI capabilities. Only 21 % have

a mature governance model for autonomous

agents. McKinsey's 2025 data shows that the orga‐

nizations attributing more than 5 % of EBIT to AI —

the genuine high performers — are three and a

half times more likely than others to have funda‐

mentally redesigned their workflows rather than

augmenting existing ones.

The HandsOn AI Operating Model exists to enable

that redesign. It is grounded in the methodology of

Jay Galbraith's Star Model, the center-led operating

model structures of Amy Kates and Greg Kesler, the

axiomatic design principles of Nicolay Worren, and

the organizational design work of Jeroen van Bree

— all rigorously adapted and extended for the AI-

native context. To our knowledge, no existing con‐

sulting framework draws on Organization Design

methodology in this way.

This is not a theoretical distinction. It means that

every design choice the framework recommends is

traceable to an underlying logic about how organi‐

zational systems actually function — not merely to

what happens to work in this particular technologi‐

cal moment.

METHODOLOGICAL  FOUNDAT IONS

Jay Galbraith — the Star Model of five inter‐

dependent levers.

Amy Kates & Greg Kesler — center-led oper‐

ating model structures.

Nicolay Worren — axiomatic design princi‐

ples for organizations.

Jeroen van Bree — organizational design for

capability building.

"84 % — 21 % — 3.5×: have not

redesigned jobs · only 21 %

have mature governance for
autonomous agents · top
performers are 3.5× more

likely to have redesigned
workflows."

DELOITTE  AI  INST ITUTE  2 0 2 6  ·  MCKINSEY

STATE  OF  AI  2 0 2 5
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SECT I ON  0 2  ·  F IGURE  0 1

Two Layers. Six Domains. One Core.
Each element is necessary. None is sufficient in isolation. The framework is explicitly holis‐

tic: an organization that addresses five of the six domains but neglects the sixth will not

achieve the integration the other five require.

F O U N D A T I O N  L AY E R  ·  WH A T  L E A D E R S H I P  A R C H I T E C T S

D0 1

Strategy &

Value Architecture

Cost of Autonomy · use-case portfolio

D0 2

Organizational
Structure

CoE · Center-Led Hybrid · Federated

D0 3

System
Governance

EU AI Act · Owner / Steward · Lifecycle

T H E  C O R E  ·  D E S I G N  O B J E C T

Human–AI Interface
Who decides · Who is accountable · How the system learns · What the boundaries are

L1 L2 L3 L4

HUMAN-IN-THE-LOOP

AI advises

SUPERVISED EXECUTION

AI decides, human reviews

MONITORED AUTONOMY

AI decides, human notified

HUMAN-IN-THE-EXCEPTION

Agent acts; human on anomaly

A C T I VA T I O N  L AY E R  ·  WH A T  P E O P L E  E X P E R I E N C E

D0 4

Decision
Architecture

Decision Rights Registry · classification

D0 5

Process &

Workflow Architecture

Overlay · Integrated · AI-First

D0 6

Capabilities
& Culture

Five target groups · 12–24 months

ME THODO LOG Y  ·  GA L BRA I TH  S TAR  ·  KA T E S  &  K E S L E R  ·  WORR EN  ·  VAN  BR E E

FIG .  01 The HandsOn AI Operating Model — six design domains held together by the Human–AI Interface at the core.

TECHNOLOGY  AS  A  FOUNDAT ION ,  NOT  A  DOMAIN

The HandsOn AI Operating Model contains no Technology Domain. Technology decisions are prerequisites

that enable organizational design — they do not constitute it. Technology evolves faster than any other di‐

mension. The HandsOn position is that technology is a necessary enabling condition, not a design

domain.
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SECT I ON  0 2  ·  CONT I NUED

Foundation, Activation, Interface.
What leadership architects from above. What people experience in their daily work. The

boundary that connects them.

The two layers represent a fundamental distinction

in the nature of the design work required. The

Foundation Layer addresses what leadership must

architect — the choices that shape the entire orga‐

nizational system from above. The Activation Layer

addresses what people actually experience — the

operational reality of working in an AI-enabled or‐

ganization every day.

Both layers are indispensable. Organizations that

invest only in the Foundation Layer produce gover‐

nance frameworks and strategies that exist in docu‐

mentation but not in practice. Organizations that

invest only in the Activation Layer create opera‐

tional changes that cannot sustain themselves be‐

cause they lack the structural and strategic coher‐

ence to scale.

At the center of both layers, connecting every do‐

main to every other, sits the Human–AI Interface —

the core design object of the framework and the

concept that most distinguishes the HandsOn ap‐

proach from anything currently available in the

market.

WHY NO TECHNOLOGY DOMAIN

Most AI frameworks include a technology layer cov‐

ering model selection, infrastructure, data architec‐

ture, MLOps, and platform decisions. Including

them as a design domain creates two structural

problems.

First, technology decisions do not carry the same

organizational design logic as structure, gover‐

nance or capability decisions. A data platform is not

an organizational design object in the same sense

that a governance architecture or a decision rights

framework is.

Second, technology evolves faster than any other

dimension in this framework. A model that encodes

specific technology choices will date itself faster

than any of its organizational insights can be

applied.

THE  TWO  QUEST IONS

"Which LLM platform should we use?" — a pro‐

curement question. "How do we govern the de‐

cisions our AI systems make on that platform?"

— an organizational design question. The

HandsOn AI Operating Model is built to answer

the second.
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PART  I I THE  CORE

II
The Human–AI Interface.

It is not a software interface. It is not a UX question. It is

the organizational architecture of decision-making and

accountability in a world where both humans and AI

systems are active agents within the same workflows.
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SECT I ON  0 3

A first-class design object.
Whenever an AI system and a human being share responsibility for producing an out‐

come, a Human–AI Interface exists — whether or not it has been designed.

If an AI system generates a credit recommendation

and a loan officer approves it, there is a Human–AI

Interface. If a quality inspection AI releases serial

production batches and a supervisor receives a dai‐

ly summary, there is a Human–AI Interface. If an au‐

tonomous procurement agent places supplier or‐

ders within defined parameters and a human man‐

ager is notified only when a threshold is exceeded,

there is a Human–AI Interface.

The critical insight is that this interface exists re‐

gardless of whether it has been designed. In

most organizations, it has not been designed. It has

accumulated — through individual decisions about

which tools to deploy, which approvals to require,

which notifications to generate — into an inconsis‐

tent, ungoverned patchwork that nobody owns and

nobody fully understands.

A  GENU INE  INNOVAT ION  IN  OD  THINK ING

For the entirety of Organization Design's exis‐

tence as a discipline — from Galbraith's early

work in the 1970s through the most recent the‐

oretical developments — the field has been

concerned with how humans relate to each

other within organizational structures. The

Human–AI Interface introduces, for the first

time, a design object concerned with how hu‐

mans and non-human agents share authority,

accountability and learning within the same or‐

ganizational system.

FOUR DESIGN QUESTIONS DEFINE THE INTERFACE

Q 1

Who decides?

At what level of autonomy

does AI act, and where

does the human stand?

Q2

Who is

accountable?

Even when AI has acted,

accountability does not

disappear.

Q3

How does it learn?

From whose judgment

does the system improve,

and how is the signal

captured?

Q4

Within what

bounds?

Autonomy without bound‐

aries is not a design — it is

an abdication.
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Q 1  ·  WHO  DEC IDES  —  AND  AT  WHAT  LEVEL  OF  AUTONOMY

The autonomy spectrum is not binary.
It does not split cleanly into "human decides" and "AI decides." It runs through four opera‐

tionally distinct levels — each a different allocation of decision authority and a different

set of organizational requirements.

AU TO NOM Y  S P E C T R UM  ·  WH O  D E C I D E S  &  H OW

HUMAN  AUTHOR I T Y A I  AUTHOR I T Y

L 1  ·  HUMAN - IN -THE -LOOP

AI advises. Human always decides.

No effect without human confirmation. Universal starting point. Right configuration

for high-stakes, irreversible or deeply context-dependent decisions.

L2  ·  SUPERV ISED  EXECUT ION

AI decides. Human reviews within a defined window.

The default has shifted from human confirmation to AI execution — a qualitative

change in organizational accountability that L1 does not require.

L3  ·  MONITORED  AUTONOMY

AI acts. Human is notified; engages on anomaly.

Human attention shifts from decision level to system level: not "is this decision

correct?" but "is this system performing across its decision population?"

L4  ·  HUMAN - IN -THE -EXCEPT ION

Autonomous AI agents execute entire workflows end-to-end. Humans define objectives, boundary condi‐

tions and performance standards — and are engaged only by anomaly, boundary breach or scheduled re‐

view. This is the configuration Agentic AI requires, and it demands the most sophisticated governance ar‐

chitecture of all four levels.

FIG .  02 Defining the four levels is the conceptual work of the Human–AI Interface. Governing which specific decisions operate

at which level is the organizational work of D04 — Decision Architecture.
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THE  HANDSON  AI  OPERAT ING  MODEL 03  ·  Q2  ACCOUNTABIL ITY  ·  Q3  LEARNING

Q2  ·  WHO  IS  ACCOUNTABLE

AI does not absorb
accountability — it only
displaces the temptation
to assign it.

When an AI system approves a credit application,

halts a production line, or routes a customer com‐

plaint, the temptation is to treat accountability as

having been delegated to the system. It has not.

Accountability for AI-assisted or AI-generated deci‐

sions remains with humans — with the AI Owner

who commissioned and governs the system, with

the AI Steward who maintains it technically, and in

regulated domains, with the individual whose

name is formally associated with the decision.

The Human–AI Interface makes this accountability

chain explicit. It names the accountable parties per

system and per decision type, defines escalation

paths when AI outputs are disputed, and ensures

that organizational accountability does not disap‐

pear into the assumption that the machine is

responsible.

Q3  ·  HOW  DOES  THE  SYSTEM  LEARN  —  AND

FROM  WHOM

The feedback loop is the
most underappreciated
dimension.
It determines whether an organization's AI capabili‐

ty genuinely improves over time or remains static.

AI systems in production are not fixed. They drift as

data distributions change. They degrade as condi‐

tions evolve beyond their training. They improve —

but only when feedback from human judgment is

systematically captured and channeled back.

Every human override is a learning signal. Every

flagged borderline case contains information about

boundary conditions the AI has not yet learned.

Every escalation tells the system where its confi‐

dence thresholds need adjustment. The Human–AI

Interface designs the feedback loop. D03 — System

Governance assigns its organizational owner: the AI

Steward.

"Without this structure, organizations do not become

more AI-capable over time — they simply run the same
systems, at the same quality, on aging assumptions, until

something fails badly enough to force a rethink."

—  ON  THE  FEEDBACK  LOOP
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THE  HANDSON  AI  OPERAT ING  MODEL 03  ·  Q4  —  OPERAT ING  BOUNDARIES

Q4  ·  BOUNDARY  COND IT I ONS

Autonomy without boundaries is not a
design — it is an abdication.

The fourth dimension of the Human–AI Interface

concerns the explicit definition of the operational

envelope within which an AI system's authority is

valid. Boundary conditions are not the same as gov‐

ernance rules.

Governance rules define what an AI system is au‐

thorized to do in principle. Boundary conditions de‐

fine the specific operational parameters — data

scope, decision thresholds, transaction limits, esca‐

lation triggers, time windows — within which that

authorization holds. When conditions fall outside

the defined envelope, the system must escalate,

halt or defer to human judgment regardless of its

formal autonomy level.

This question becomes progressively more conse‐

quential as autonomy increases. At Level 1, bound‐

ary conditions are largely implicit: the human who

reviews every output provides a natural contain‐

ment layer. At Level 4, where autonomous agents

execute end-to-end workflows without prior hu‐

man approval, explicit boundary conditions are the

primary mechanism of organizational control.

TWO FAILURE MODES AT LEVEL 4

Over-cautious halting. An agent halts unneces‐

sarily on edge cases it was never equipped to

handle.

Out-of-scope action. An agent acts beyond its

intended scope because no explicit limit was set.

Both are organizational design failures, not technol‐

ogy failures. Boundary conditions must be de‐

signed as precisely as the autonomy level itself —

and they are the AI Steward's primary operational

responsibility.

BOUNDARIES  AS  A  F INANCIAL

GOVERNANCE  VARIABLE

Agents operating with under-specified bound‐

aries consume significantly more tokens tra‐

versing uncertainty and recovery paths.

Boundary design is a financial governance

variable — a point developed in D01 under the

Cost of Autonomy framework.

"Before any domain can be designed, the

organization must establish a common vocabulary
for the relationship between human judgment and

AI agency."

—  WHY  THE  INTERFACE  IS  THE  CORE
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THE  HANDSON  AI  OPERAT ING  MODEL 0 4  ·  D0 1  ·  STRATEGY  AND  VALUE  ARCHITECTURE

DOMA IN  0 1  ·  FOUNDAT I ON  LAYER

Strategy & Value Architecture.
Where does AI create genuine competitive advantage — and where does it create only

operational efficiency? An organization that does not separate the two manages an inco‐

herent portfolio rather than building a coherent capability.

An organization that uses AI primarily to reduce

processing costs in back-office functions is running

a fundamentally different AI program — with differ‐

ent organizational requirements — than one that

uses AI to create a capability in predictive quality as‐

surance that competitors cannot replicate. Both are

legitimate strategic choices. Making them explicit,

rather than allowing them to emerge implicitly, is

what separates an AI strategy from an AI project

portfolio.

THREE INVESTMENT ORIENTATIONS

Top-Down Strategic Mandate

Senior leadership defines two to three strategic AI

bets aligned to competitive positioning. Creates

clarity and ownership — but requires strong exist‐

ing strategic clarity, and amplifies strategic errors

when they occur.

Portfolio-Led Use-Case Management

The portfolio is built bottom-up, systematically

identifying and prioritizing use cases by impact and

feasibility. Generates participation — but without a

strategic frame tends to produce fragmentation:

many pilots, no coherent capability.

Capability-Based Investment Thesis
RECOMMENDED

Defines three to five strategic AI capabilities and

treats use cases as expressions of those capabilities.

Creates the conditions for reusable AI assets, IP de‐

velopment and the organizational coherence that

sustains advantage.

IN  PRACT I CE

Combine the first two as the standard entry

point: top-down framing defining the territory

plus bottom-up portfolio management. The

Capability-Based Investment Thesis becomes

the dominant logic at Stage 2 maturity, when

production track record reveals which capabili‐

ties are genuinely differentiating.

DELIVERABLE — THE AI STRATEGY MAP

Documented portfolio classification — strategic

vs. operational.

A value definition per initiative.

A Build / Buy / Partner decision framework.

A quarterly governance cadence for portfolio

review.

A cost-of-autonomy profile per initiative.
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D0 1  ·  COST  OF  AUTONOMY

Strategic AI decisions are also economic
decisions.
The cost of an AI system is a function of the autonomy level at which it operates — and

the cost structure shifts fundamentally as autonomy rises.

DOM I N A N T  CO S T  D R I V E R  ·  B Y  AU TO NOM Y  L E V E L

L1

HUMAN LABOUR

dominant

L2

REVIEW + GOVERNANCE

infra rises

L3

MONITORING INFRA

dominant

L4

INFERENCE + TOKENS

design-sensitive

Human labour Governance & monitoring AI operations · inference / tokens

FIG .  03 Cost structure changes as autonomy rises — not merely cost level. At L4, design quality is a financial variable.

At Level 1, the dominant cost is human labor: every

AI output passes through a human review cycle. At

Levels 2 and 3, human labor costs decrease, but

governance infrastructure costs rise — monitoring

systems, anomaly detection, override logging and

recalibration processes.

At Level 4, AI operational costs — inference volume,

multi-step reasoning, agentic execution — become

dominant. Token costs are not a fixed expense; they

are a dynamic operational variable directly sensitive

to design quality. The quality of organizational de‐

sign has a direct, measurable effect on AI opera‐

tional cost.
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THE  HANDSON  AI  OPERAT ING  MODEL 0 5  ·  D0 2  ·  ORGANIZAT IONAL  STRUCTURE

DOMA IN  0 2  ·  FOUNDAT I ON  LAYER

Organizational Structure.
The most contested design decision in the framework — and the one where most organi‐

zations make their most consequential mistakes.

CENTRALIZED AI CENTER OF EXCELLENCE

Bundles all AI competencies — data science, ML en‐

gineering, AI product management, AI governance

— into a single central unit serving business units.

Creates unified standards, efficient resource utiliza‐

tion, and clear governance accountability. Works

well in early stages, when the primary challenge is

building organizational capability and establishing

baseline quality standards.

It becomes counterproductive as the organization

matures: the CoE becomes a queue, lacks domain

knowledge of each business unit, and prevents lo‐

cal ownership from developing.

FULLY FEDERATED MODEL

Places AI capability entirely within business units.

Maximizes domain knowledge and parallel innova‐

tion that a central model structurally prevents. But

in organizations without a strong governance cul‐

ture, it produces redundant effort, inconsistent

quality and the governance gaps that allow shadow

AI to proliferate.

THE CENTER-LED HYBRID

HANDSON  TARGET

A small strategic AI Hub — typically five to fifteen

people — combined with Embedded AI Leads in

each major business unit. The Hub sets standards,

develops platforms, manages governance and

builds playbooks. It enables rather than controls.

Embedded AI Leads drive implementation, trans‐

late Hub standards into domain context, and serve

as the bridge between strategic coherence and op‐

erational speed.

THE  DUAL  REPORT ING  L INE

Each Embedded AI Lead reports functionally

to business unit leadership and methodologi‐

cally to the AI Hub. Without this dual account‐

ability, the model collapses into either a shadow

CoE (Hub asserts control) or a fully federated

model with nominal coordination (Hub cannot

enforce standards).

Structure must follow autonomy. An organization

at L1 can function with a centralized CoE. An organi‐

zation at L3 across core processes cannot — the

complexity of dozens of production systems ex‐

ceeds what a central unit can provide without be‐

coming a bottleneck.
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THE  HANDSON  AI  OPERAT ING  MODEL 0 6  ·  D03  ·  SYSTEM  GOVERNANCE

DOMA IN  0 3  ·  FOUNDAT I ON  LAYER

System Governance.
Misunderstood in two opposite directions simultaneously: as a compliance checkbox, or

as a barrier to innovation. Both framings produce architectures that fail.

The correct framing: governance is a growth cata‐

lyst. An organization with mature governance ar‐

chitecture can deploy AI faster than one without it

— because it has resolved in advance the account‐

ability questions that must be resolved before any

deployment can proceed, created risk-assessment

processes that let low-risk initiatives move quickly

while ensuring scrutiny for high-risk ones, and built

the trust with legal, compliance, risk and frontline

employees that allows AI initiatives to receive orga‐

nizational support rather than resistance.

RISK TIERING — THE EU AI ACT

FOUNDATION

The classification of every AI application by risk level

is the foundation. The EU AI Act provides a legisla‐

tively grounded framework — Prohibited (social

scoring, real-time biometric surveillance), High Risk

(credit decisions, personnel selection, critical in‐

frastructure), Medium Risk (deepfakes, chatbots,

recommendation systems), Low Risk (productivity

AI, spam filters, document generation). The propor‐

tionality principle is central: low-risk systems should

face minimal overhead; high-risk systems require

extensive review, monitoring and audit.

AI OWNERSHIP

The structure that makes governance real rather

than theoretical. Every production AI system re‐

quires a named AI Owner — a business leader ac‐

countable for outputs and the decisions they in‐

form — and a named AI Steward — a technical

leader accountable for performance, maintenance

and improvement. Together they create an ac‐

countability chain from deployment through opera‐

tion to eventual decommissioning.

E U  A I  A C T  ·  F O U R  R I S K  T I E R S

T I ER  0 1  ·  PROH IB ITED

Banned use cases
Social scoring · real-time biometric surveillance

in public · manipulative AI

T I ER  0 2  ·  H IGH  R ISK

Conformity assessment
Credit decisions · personnel selection · critical

infrastructure · medical AI · law enforcement

Risk mgmt · logs · human oversight · CE registration

T I ER  0 3  ·  L IM ITED  R ISK

Transparency obligations
Chatbots · deepfakes · recommendation systems

Inform users · label synthetic content

T I ER  0 4  ·  MIN IMAL  R ISK

Voluntary codes
Productivity AI · spam filters · document gen.

No mandatory controls — internal governance still applies

PROPOR T I ONA L I T Y  ·  CON TROL S  SCA L E  W I TH  R I SK

NO T  W I TH  AMB I T I ON

FIG .  04 EU AI Act risk tiering. Each tier carries defined con‐

trols and gate processes a system must pass before

deployment.

L IFECYCLE  GOVERNANCE  &  THE  FEEDBACK

LOOP

AI systems are not static. Lifecycle Governance

extends ownership across the entire lifespan:

ongoing monitoring, periodic risk re-classifica‐

tion, systematic capture of override and escala‐

tion data, and a formal process for decommis‐

sioning. The AI Steward is the named owner of

the feedback aggregation process — signal

capture, aggregation and review, routing.
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PART  IV THE  ACT IVAT ION  LAYER

IV
What people experience every
working day.

D04 Decision Architecture · D05 Process and Workflow

Architecture · D06 Capabilities and Culture. The three

domains that translate the Foundation Layer's architec‐

ture into operational reality.
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THE  HANDSON  AI  OPERAT ING  MODEL 0 7  ·  D0 4  ·  DECIS ION  ARCHITECTURE

DOMA IN  0 4  ·  ACT IVAT I ON  LAYER

Decision Architecture.
The most neglected domain in AI Operating Model work — and the one where most or‐

ganizations actually fail in practice.

The distinction between D03 and D04 is categori‐

cal, not a matter of degree. D03 — System

Governance governs the AI system as an object

across its lifecycle. D04 — Decision Architecture

governs what the system is authorized to decide

within that lifecycle: which decision types it may ex‐

ecute, at which autonomy level, under what condi‐

tions, through what governance process. An organi‐

zation can have mature system governance and

complete disorder in its decision architecture —

and vice versa. Both are necessary; neither substi‐

tutes for the other.

THE DECISION RIGHTS REGISTRY

The primary deliverable. Unlike a simple classifica‐

tion document, the Registry is an authority record:

for every significant decision type, it specifies which

function, which role, and which governance tier

holds the authority to operate that decision type at

each autonomy level. It documents not merely

where a decision sits — but who decided that, un‐

der what conditions, by whom, and on what

evidence.

The autonomy level is the output of an authority de‐

cision, not merely the result of applying a frame‐

work. This distinction is what gives the Registry

its organizational teeth.

CLASS I F ICAT ION  GOVERNANCE  ·  WHO

DEC IDES  HOW  TO  DEC IDE

Building the Registry requires a formal process

for evaluating decision types against four

questions:

What are the stakes of an incorrect AI

decision?

Is the decision reversible?

What is the demonstrated quality of the AI

system in production?

Is the governance infrastructure ready to

support oversight?

OVERRIDE & ESCALATION ARCHITECTURE

The real-time governance layer. For every autonomy

level, D04 defines who holds override authority, un‐

der what conditions they are obligated to exercise

it, what logging is required — and what account‐

ability attaches to overrides that are not made

when they should have been.

RECALIBRATION GOVERNANCE

AI systems are not static. D04 defines the struc‐

tured cadence — typically quarterly in the first two

years — with defined evidence standards for ad‐

vancing a decision type up, and defined authority to

move it down when performance deteriorates.
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THE  HANDSON  AI  OPERAT ING  MODEL 0 8  ·  D0 5  ·  PROCESS  AND  WORKFLOW  ARCHITECTURE

DOMA IN  0 5  ·  ACT IVAT I ON  LAYER

Process & Workflow Architecture.
The greatest efficiency gains from AI do not come from layering AI tools onto existing

processes. They come from redesigning the processes themselves around AI's specific ca‐

pabilities and constraints.

T H R E E  P R O C E S S  A P P R O A C H E S  ·  I N  P A R A L L E L ,  N O T  I N  S E Q U E N C E

A PPROACH  0 1

AI Overlay
Augmentation

Existing process kept · AI

tools added on top of steps.

H H H H H

AI AI AI AI AI

CHARACTER

Fast to deploy. Low resistance.

Strategic trap if permanent.

A PPROACH  0 2

AI-Integrated
Redesign

Process reconstructed

around AI's role and handoffs.

H AI H AI

DEFINE EXECUTE REVIEW SCALE

CHARACTER

Target state for core processes.

Explicit handoffs designed in.

A PPROACH  0 3

AI-First Design
Agentic workflow

Designed for autonomous

agents end-to-end.

AGENT · END-TO-END

human-on-exception

CHARACTER

2–3 flagship workflows only.

Requires L4 + Stage 3 maturity.

FIG .  05 The HandsOn framework distinguishes three process approaches that exist in parallel within any mature AI-enabled

organization.

AI Overlay is fast, low-resistance, the right starting

point for peripheral processes — and a strategic

trap when treated as permanent. AI-Integrated

Redesign is the target state for core processes:

handoff points designed as first-class elements,

quality assurance and exception handling built in.

AI-First Design is appropriate for two to three flag‐

ship workflows where the organization has the gov‐

ernance, data readiness and maturity to operate at

L4. The critical discipline across all three: the explic‐

it design of human–AI handoff points — where

most failures occur.
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THE  HANDSON  AI  OPERAT ING  MODEL 0 9  ·  D0 6  ·  CAPABIL IT IES  AND  CULTURE

DOMA IN  0 6  ·  ACT IVAT I ON  LAYER

Capabilities & Culture.
The most durable constraint on AI transformation is not the availability of technology, the

adequacy of data infrastructure, or even governance — but the capability of the human

organization to work effectively in an AI-enabled context.

C A PA B I L I T Y  A R C H E T Y P E  ·  B Y  AU TO NOM Y  L E V E L

L1

Critical
consumer

Interrogate recommendations.

Identify when AI is wrong.

Resist automation bias.

L2 · L3

Quality
steward

Define quality criteria.

Design exception protocols.

Interpret anomaly signals.

L4

AI

orchestrator

Define agent objectives.

Design boundary conditions.

Monitor system-level performance.

CULTURE

12–24

months

Leaders use AI themselves.

Psychological safety.

Failure as learning.

F IVE  TARG E T  GROUP S  ·  C - S U I T E  ·  M IDD L E  MANAGEMEN T  ·  DOMA I N  SME S  ·  T E CHN I CA L  A I  T E AM S  ·  A L L  EMP LOYE E S

FIG .  06 Capability archetype by autonomy level. The L4 capability is an entirely new professional competency that did not exist

in any meaningful form before the agentic AI era.

McKinsey data shows demand for AI fluency grew

seven times in two years. Deloitte finds 84 % of or‐

ganizations have not redesigned jobs around AI ca‐

pabilities. The gap is not primarily about technical

skills — it is about the organizational and behav‐

ioral capabilities required at L1–L4. The HandsOn

capability architecture distinguishes five target

groups — C-suite, middle management, domain

SMEs, technical AI teams, all employees — with dif‐

ferentiated learning paths.

CULTURAL  TRANSFORMAT ION  —  TWELVE

TO  TWENTY -FOUR  MONTHS

Four cultural markers of organizations where AI

transformation succeeds: leaders actively use

AI themselves; psychological safety to raise

concerns about AI outputs; failures treated as

learning opportunities; cultural narrative of hu‐

man agency and capability augmentation —

not replacement.
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PART  V MATUR ITY  &  INTEGRAT ION

V
Maturity is a shape, not a number.

Organizations rarely sit at the same stage across all six

domains. The Multidimensional Maturity Profile makes

domain-level imbalance visible — and reveals the dan‐

gerous gap where mature governance sits over Stage-0

process design.
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THE  HANDSON  AI  OPERAT ING  MODEL 1 0  ·  THE  MATURITY  CONT INUUM

SECT I ON  1 0

Four stages — applied at the domain level,
not just the organization.
An organization will rarely — if ever — occupy the same stage across all six domains si‐

multaneously. The diagnostic power lies in making these domain-level differences visible.

T H E  F O U R  MA T U R I T Y  S TA G E S

STAGE 0

Organic
Emergence

No designed state.

Shadow AI accumulates.

Capability is invisible.

FA I LURE  —  DEN I A L

STAGE 1

Augmented

Advisory AI everywhere.

CoE building capability.

First Decision Rights set.

FA I LURE  —  P I LO T  FAT I GUE

STAGE 2

Embedded

AI is structural.

Center-led hybrid live.

Registry recalibrating.

CHAL L ENGE  —  SCALE

STAGE 3

Agentic

Autonomous end-to-end.

Continuous oversight.

Humans orchestrate.

R I SK  —  PREMATURE  L EAP

FIG .  07 The four maturity stages. Sustainable operation at each autonomy level requires the corresponding maturity

infrastructure.

Stage 0 — Organic Emergence is the stage most

frameworks omit and most organizations are cur‐

rently living through. Employees use AI without au‐

thorization or governance. The primary failure

mode is not recognizing it as a stage at all.

Stage 1 — Augmented is characterized by advisory

AI relationships across all six domains. The primary

failure mode is pilot fatigue: many small initiatives

that demonstrate local value but cannot scale.

Stage 2 — Embedded: AI as structural component

of core workflows. Center-led hybrid live, AI

Ownership assigned, Registry recalibrating quarter‐

ly. The primary challenge is scale — replicating

across all units.

Stage 3 — Agentic: autonomous AI agents execut‐

ing end-to-end workflows, with humans as orches‐

trators and exception managers. The most com‐

mon failure: attempting Stage 3 without Stage 2

foundations.
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THE  HANDSON  AI  OPERAT ING  MODEL 1 0  ·  THE  MULT ID IMENS IONAL  MATURITY  PROFILE

SECT I ON  1 0  ·  CONT I NUED

An aggregate maturity stage is a
shorthand. A profile is a diagnostic.
An organization assessed as "Stage 2" may have Stage 2 governance and Stage 0 process

design — a configuration that is structurally dangerous. The aggregate label conceals this

entirely. The profile makes it visible.

D01 STRATEGY

D02 STRUCTURE

D03 GOVERNANCE

D04 DECISIONS

D05 PROCESS

D06 CAPABILITIES

S0

S1

S2

S3

FIG .  08 The Multidimensional Maturity Profile applies the

four-stage continuum independently to each of the six do‐

mains. The output is not a number — it is a shape.

THREE DIAGNOSTIC DOMAIN PAIRS

D03 & D04 — System Governance and Decision

Architecture must advance in parallel. Governance

without decision authority produces compliance

theater. Decision authority without governance pro‐

duces ungoverned autonomy.

D01 & D05 — strategy and process must be aligned.

An ambitious AI Strategy Map sitting above un‐

changed legacy processes is not a transformation

— it is a wish list.

D05 & D06 — process redesign and capability de‐

velopment must move together. Redesigned pro‐

cesses only function if the people managing hand‐

offs have the skills to exercise judgment at them.

WHY  A  SHAPE ,  NOT  A  NUMBER

A profile that shows Stage 2 on D03 and Stage

0 on D04 is not a nuanced result requiring ex‐

pert interpretation. It is an immediate visual

signal that the organization has invested in

governing its AI systems without ever formal‐

izing what those systems are authorized to

decide. That gap is actionable, and the profile

makes it undeniable.
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THE  HANDSON  AI  OPERAT ING  MODEL 1 0  ·  TRANS IT ION  ARCHITECTURE

SECT I ON  1 0  ·  TRANS IT I ON  ARCH ITECTURE

The maturity stages describe destinations.
The Transition Architecture describes the
journey.
Most AI transformation programs fail not because the target state is wrong but because

the path between stages was never designed.

S0  →  S 1

Organic to Structured

Make existing informal capability

visible and governable. A named AI

sponsor at leadership level. A mini‐

mal viable governance structure. A

deliberate effort to surface and

share the working practices that

early adopters have developed

individually.

Failure mode: overbuilding —

comprehensive frameworks before

basic visibility drive adoption fur‐

ther underground.

S 1  →  S 2

Augmented to

Embedded

Three non-negotiable enablers.

Structural evolution to the center-

led hybrid with dual reporting lines.

Process redesign — at least one

core process genuinely recon‐

structed, not augmented. The

Decision Rights Registry graduat‐

ing from aspiration to operational

instrument.

Primary challenge: a leadership

challenge, not a technology chal‐

lenge. Where the Pilot Trap closes.

S 2  →  S3

Embedded to Agentic

A qualitative shift, not greater in‐

tensity of S2 work. From confirming

AI outputs to defining objectives,

monitoring system-level perfor‐

mance, intervening on deviation.

Continuous oversight architecture

replaces periodic review; recalibra‐

tion becomes signal-driven.

Most dangerous risk: deploying L4

autonomy before the human capa‐

bility to orchestrate it is in place.

"Organizations that attempt to operate above this

threshold — deploying Level 3 or Level 4 decision

authority on Stage 1 organizational infrastructure —

are not accelerating their transformation. They are

accumulating governance debt that will eventually

force a reckoning, typically at the worst possible

moment."

—  ON  THE  MATURITY  /  AUTONOMY  RELAT IONSHIP
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THE  HANDSON  AI  OPERAT ING  MODEL 1 1  ·  THE  INTERDEPENDENCE  OF  THE  DOMAINS

SECT I ON  1 1

Why integration matters.
Each of the six domains, addressed in isolation, produces an incomplete and ultimately

unsustainable result. Integration is what creates the organizational system capable of

sustained AI value creation.

GOVERNANCE & STRUCTURE

An organization that builds a sophisticated gover‐

nance architecture without also building the cen‐

ter-led structure that creates the organizational ca‐

pacity to implement governance in practice will

have a governance framework that exists on paper

and a production AI portfolio that operates without

genuine oversight. Governance requires the orga‐

nizational substrate of clear ownership and the

operational bandwidth to exercise that owner‐

ship. Structure provides both.

PROCESS & CAPABILITIES

An organization that invests heavily in AI-Integrated

Process Redesign without complementary role-

specific capability development will find that the

new processes do not function as designed.

Handoff criteria will be misapplied. Escalation pro‐

tocols will be ignored. Exception handling will de‐

fault to informal arrangements. Process design

tells people how work should flow. Capability de‐

velopment determines whether they can actually

make it flow that way.

STRATEGY & DECISION ARCHITECTURE

An organization that defines a Capability-Based

Investment Thesis — identifying Customer

Intelligence as a strategic AI capability — without

also building the Decision Rights Registry that for‐

mally authorizes which customer-facing decisions

AI can execute at which autonomy level will find

that the capability investment produces AI systems

whose outputs nobody is formally authorized to act

on.

A  DES IGN  SYSTEM ,  NOT  A  CHECKL IST

These interdependencies cannot be managed

as sequential phases of an implementation

plan. They must be managed as a design sys‐

tem: a set of choices made in awareness of

each other, adjusted iteratively, and held to‐

gether by the common reference point of the

Human–AI Interface. This is what it means to

design an organization rather than to man‐

age a project.
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THE  HANDSON  AI  OPERAT ING  MODEL 1 2  ·  THE  ORGANIZAT IONAL  IMPERAT IVE

CONCLUS I ON

AI does not transform
organizations.

Organizations transform
themselves to work with AI.

The argument of this whitepaper is ultimately sim‐

ple, even if its elaboration is complex. The transfor‐

mation requires design — not project manage‐

ment, not change management, not AI strategy in

isolation, but genuine organizational design work

that addresses structure, governance, decision-

making, process, and capability as an integrated

system.

The HandsOn AI Operating Model provides the

framework for that design work. It draws on the

most rigorous traditions in organizational design

methodology and extends them deliberately into

the AI-native context. It places the Human–AI

Interface — the explicit design of the relationship

between human judgment and AI agency — at the

center of every domain, ensuring that the six ele‐

ments are not merely aligned with each other but

aligned around the fundamental organizational

question of the AI era.

The window for doing this work deliberately rather

than reactively is not unlimited. Organizations that

build the operating model infrastructure for Stage 2

and Stage 3 AI deployment now will compound

that advantage over time. Organizations that con‐

tinue to pilot and augment without redesigning

will find the gap between their AI investments and

their AI value widening rather than closing.

The bottleneck has never been the technology.

The bottleneck is, and will remain, the organiza‐

tion. The work of closing that gap is the work of

AI transformation — and it begins with design.

"Ready to build the operating model for AI

that actually works?"

—  WORK  W ITH  HANDSON
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THE  HANDSON  AI  OPERAT ING  MODEL ABOUT  HANDSON  ·  HOW  TO  ENGAGE

ENGAGE

Three ways to work with HandsOn.
HandsOn designs and implements AI Operating Models grounded in Organization

Design methodology. We work with leadership teams at the moment the pilot phase

ends and the hard organizational work begins.

0 1

AI Operating Model
Diagnostic

A structured 4–6 week assessment

of all six design domains. Delivered

as a maturity map, a gap analysis,

and a prioritized design agenda for

your leadership team.

DURAT ION  ·  4 – 6  WEEKS

0 2

AI Operating Model
Design Sprint

An intensive 8–12 week engage‐

ment to design your target operat‐

ing model across the six domains

— including governance architec‐

ture, decision rights framework,

and capability roadmap.

DURAT ION  ·  8–12  WEEKS

0 3

Full AI Transformation
Partnership

End-to-end accompaniment from

diagnostic through implementa‐

tion — embedding HandsOn ex‐

pertise directly into your transfor‐

mation teams for sustained organi‐

zational change.

DURAT ION  ·  ONGOING
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tions, combining strategy, operating models and

execution to deliver results.

ABOUT HANDSON

HandsOn specializes in the organizational transfor‐

mation required for companies to make AI actually

work: building AI Operating Models, AI governance

architectures, and AI capability programs grounded

in Organization Design methodology and calibrat‐

ed to the specific operational context of each client.
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For diagnostic engagements, design sprints

and ongoing transformation partnerships, con‐

tact us at the address above.
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